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Abstract 

Recent years have seen an increase in the number of tools being offered to automatically screen and 

make decisions about the suitability of job applicants, including algorithmically judged video 

interviews, game-based assessments, and CV screeners. Although such technologies have the 

potential to streamline the job application process for both applicants and employers, a number of 

concerns have been raised about the use of these tools in the high-stakes context of recruitment, 

particularly in relation to issues such as potential bias, lack of transparency, and the need for additional 

governance of these systems. In response, a number of jurisdictions have proposed legislation to 

address the use of automated employment decision systems, with California proposing modifications 

to its employment regulation to address the use of these tools. In this article, we provide an overview 

of these proposed modifications, contextualising them within the larger artificial intelligence ethics 

debates and other similar legislation, as well as industry activity. We then identify some key themes 

in the legislation, namely i) ambiguity in terms of providing and justifying discrimination based on 

protected characteristics; ii) the lack of penalties for non-compliance; and iii) the lack of active 

obligations required of employers by the proposed amendments.  

Keywords:  equal opportunity, automated decision system, psychometrics, AI ethics, automated 

decision system 

 

 

1. Introduction 

AI is increasingly becoming one of the most used tools in employment-related decision-making, 

especially when it comes to recruitment. For example, it is estimated that almost 99% of Fortune 500 

companies are using artificial intelligence (AI) driven applicant tracking systems in their talent 

recruitment processes (Hu, 2019), as are 75% of all companies in the US (Fuller et al., 2021). However, 

assessments about the success of this shift in the labour market are divisive; while some reports 

highlight the benefits these have for companies, such as improving the identification, selection and 

retention of talent, as well as social impacts such as transparency, fairness and inclusiveness (Allal-

Chérif et al., 2021), others have placed emphasis on the loss of talent resulting from the introduction 

of such technologies. Indeed, estimates suggest that there are 27 million “hidden workers” in the U.S.  

who are affected in their access to jobs because of barriers created by the policies and practices of 

companies, as well as the capacity of AI-driven recruitment tools to identify and capitalise on various 

talent pools (Fuller et al., 2021). Among the applicants most disadvantaged by AI-driven tools are 

caregivers, veterans, immigrants, people with disabilities, and prison leavers. Further, those who are 
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working multiple part-time jobs, those who have been unemployed for an extended period of time, 

and those who are not working but are able to are also likely to be negatively impacted by the use of 

AI in recruitment due to proxies relating to skills or work ethic and meeting exclusion criteria due to 

gaps in their resume (Fuller et al., 2021). 

To ensure that AI is used in a responsible way when making employment-related decisions and 

minimise the potential negative impacts of these systems on potentially vulnerable populations, best 

practices for the identification and mitigation of discrimination must be codified in Law. Indeed, in the 

wider movement towards ethical AI, there have been calls for increased governance of the use of AI, 

particularly in high-risk contexts such as recruitment (Kazim et al., 2021b; Kazim & Koshiyama, 2020). 

Likewise, the chair of the Equal Employment Opportunity Commission has asserted that “[AI] may 

mask and perpetuate bias or create new discriminatory barriers to jobs. We must work to ensure that 

these new technologies do not become a high-tech pathway to discrimination”. (Equal Employment 

Opportunity Commission, 2021). 

To this end, California has proposed modifications to the current rules about Discrimination in 

Employment contained in the California Code of Regulations, which set forth regulations regarding 

fairness in employment in the jurisdiction of California. The proposed modifications, introduced by 

the California’s Fair Employment & Housing Council (Fair Employment & Housing Council, 2022), 

extend the regulations to include specific requirements for automated employment decision tools and 

therefore incorporate into the existing regulatory framework on Discrimination in Employment. It is 

important to clarify that this regulation is at a “pre-rulemaking” stage, and the formal 45-day 

consultation period is yet to start but if the legislation does pass, the Department of Fair Employment 

and Housing would be required to enforce these amendments.  

In what follows, we first present summary and analysis of the proposed amendments (hereafter 

referred to as the Draft), including some of the definitions it adds and how they relate with broader 

debates regarding AI, as well as the unlawful practices it establishes. The article then presents 

comments in relation to the obligations imposed over employers and other covered entities, and also 

raises concerns about important omissions the Draft has, with a particular focus on the impact on 

potential compliance programmes companies will need to implement. Finally, it provides some 

conclusions proposing some avenues for the covered entities to avoid liabilities related to this 

legislation. Therefore, our key takeaways are that although the legislation does provide some much-

needed governance of automated recruitment tools, there are shortcomings with i) providing and 

justifying discrimination on the basis of protected characteristics; ii) the lack of specific penalties for 

violations of the Draft; and iii) a lack of action required from employers in terms of auditing and 

assurance.  

2. Summary of the changes 

In this section, we provide a summary of the main modifications proposed by the Draft. We follow the 

structure of the legislation and group the changes into the major themes of definitions, unlawful 

employment practices, record-keeping obligations, and protected characteristics. Where we directly 

quote the proposed modifications, we place the italicised texts within quotation marks. 

2.1 Definitions 

• Agent: “Any person acting on behalf of an employer including but not limited to a third party 

that provides services related to recruiting, applicant screening, hiring, payroll, benefit 

administration, evaluations and/or decision -making regarding requests for workplace leaves 

of absence or accommodations, or the administration of automated decision systems for an 

Electronic copy available at: https://ssrn.com/abstract=4149610



employer’s use in recruitment, hiring, performance evaluation, or other assessments that 

could result in the denial of employment or otherwise adversely affect the terms, conditions, 

benefits, or privileges of employment”.  

This is a relevant addition as it expands the reaching of this regulation beyond the employer, a notable 

difference from other legislation in the US that seeks to govern automated employment tools. For 

example, the mandating of bias audits for automated employment decision tools in New York City (Int 

1894-2020, 2021;“NYC regulation”) and the Illinois Artificial Intelligence Video Act (Artificial 

Intelligence Video Interview Act, 2020) do not explicitly extend liability beyond the employer to third-

parties or agents. Extending this liability is an important step towards greater accountability, where 

employers are also liable for the actions of any vendors they use, encouraging employers to verify 

claims made by third parties about their tools, something that is recommended in the United Kingdom 

(Recruitment and Employment Confederation, 2021). The need for this is highlighted by the LinkedIn 

job advertisement algorithm, which many hiring managers rely on to display their job posting to 

potential applicants, where as a result of the algorithm being found to have biased outcomes toward 

female applicants, the company introduced an algorithm to mitigate potential discriminatory 

outcomes (Wall & Schellmann, 2021). The definition of agent, therefore, suggests that employers 

using third parties, such as LinkedIn, should carry out their own investigations of tools to identify and 

mitigate potential bias, therefore increasing accountability since blame for discriminatory tools cannot 

be passed on to vendors.  

• Algorithm. “A process or set of rules or instructions, typically used by a computer, to make a 

calculation, solve a problem, or render a decision”. 

• Automated-Decision System (ADS). “A computational process, including one derived from 

machine-learning, statistics, or other data processing or artificial intelligence techniques, that 

screens, evaluates, categorizes, recommends, or otherwise makes a decision or facilitates 

human decision making that impacts employees or applicants”.  

o Includes tools: (i) used to screen resumes; (ii) employing face/voice recognition (iii) 

deploying gamified testing to predict or measures applicant’s characteristics such as 

physical or mental abilities; (iv) measuring applicants characteristics such as 

personality fits or cognitive skills.’ 

In a shift from another piece of proposed legislation in California regarding the use of AI in the 

workplace (AB-1651 Worker Rights: Workplace Technology Accountability Act., 2022), which equates 

Algorithms to Automated-Decision System (“ADS”), the Draft adopts a more specific approach by 

defining them separately, which is in our opinion accurate as algorithms, for example, can still be used 

but not being part of an Automated-Decision System, or a series of algorithm can be part of an ADS 

(can our paper when the pre-print goes up!).  

• Machine Learning Algorithms. “Algorithms that identify patterns in existing datasets and use 

those patterns to analyse and assess new information, and revise the algorithms themselves 

based upon their operations”  

• Machine Learning Data. “All data used in the process of developing and/or applying machine-

learning algorithms that are utilized as part of an automated-decision system”.  

o Includes the data used to train the algorithm, data provided by or about individuals 

that is analysed by an ADS, and data produced by an ADS 

While the legislation does rightly differentiate between machine learning data and algorithms, it 

defines algorithms and machine learning algorithms separately but does not clearly differentiate the 
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two. Further, the definition of ADS refers to machine learning and the definition of machine learning 

algorithms refers to ADSs. The definitions could. Therefore, become entangled, causing issues with 

clarity and consequently compliance.  

2.2 Unlawful Employment Practices 

• The original legislation stipulates that Discrimination occurs when “evidence demonstrates 

that an enumerated basis [protected characteristic] was a substantial motivating factor in the 

denial of an employment benefit to that individual by the employer or other covered entity, 

and the denial is not justified by a permissible defence”.  

Here, it is important to distinguish between the general principle of non-discrimination in employment 

and the basis for justifying by the employer outcomes that might be considered as discriminatory. The 

latter is key for any compliance programme in this sphere, and it sets the normative standard to justify 

any unfair outcome the concept of “permissible defence”.  

• The proposed amendments assert that it is unlawful to use qualification standards, 

employment tests, ADSs or any other approach that screens out applicants based on 

protected characteristics, unless the characteristics are job-relevant and are a business 

necessity.  

o The protected characteristics covered by the existing legislation are: Race, religious 

creed, colour, national origin, ancestry, physical disability, mental disability, medical 

condition, genetic information, marital status, sex, gender identity, gender 

expression, age, sexual orientation, or military and veteran status of any person. 

o These characteristics apply to both hiring and termination, training, or other terms or 

treatment of that person in any apprenticeship or other training program or 

internship 

While the legislation provides a comprehensive list of protected characteristics, the requirement to 

provide evidence for job-relatedness and business necessity if these characteristics are considered 

when making employment-related decisions could be problematic as the legislation does not explicate 

how job-relatedness and business necessity should be determined. We note that the proposed 

Workplace Technology Accountability Act requires employers to provide empirical evidence of these 

factors, but this is something not stipulated in the Draft. While employers can look elsewhere for 

guidance on providing this evidence, including to the Affirmative Defences to Employment 

Discrimination guidelines, which stipulate that employers must provide that there is a legitimate and 

overriding business purpose for discrimination, there is still no clear normative standard set for the 

judiciary or the administration to resolve disputes connected to discriminatory outcomes associated 

to a practice that does not comply with the alleged “business needs” criteria and there are a variety 

of ways that job analysis can be conducted to provide this evidence (Tippins et al., 2021). This, 

therefore, could result in some employers fabricating or providing ambiguous and subjective evidence 

for job-relatedness and might affect the ability of companies to implement full compliance 

programmes or run algorithm accountability systems.  

Further, the omission of a unfair educational credentials as an enumerated protected characteristic is 

potentially problematic as older applicants may be disproportionately impacted by requirements to 

have particular educational credentials (Rogers & Reed, 2021). In this regard, in the absence of 

concrete regulatory standards, as it is the case with educational credentials, cases of AI discrimination 

in the labour market could eventually be assimilated to product defect and manufacturer liability 

claims (Metjahic, 2022), and therefore Courts will have the power to decide on a case-by-case alleged 
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discriminatory outcomes for unregulated AI uses, raising uncertainty for employers or other covered 

entities regarding legal liabilities on this matter. 

2.3 Record-keeping Obligations 

• Employers (or another covered entity) are required to preserve all machine-learning data for 

four years from when the record was made 

o Previously, the legislation only required data regarding personnel or employment 

records to be kept for two years  

• Persons engaging in the advertisement, sale, provision, or use of selection tools, which 

includes an ADS, is required to maintain records of the assessment criteria used by the ADS 

for each employer or entity that the system is provided to 

Here, we read the Draft as moving in the right direction in terms of transparency, which in turn will 

pose demands on companies to improve the explainability of their algorithms. Nonetheless, it is 

worrisome that, differently from other proposed regulations, such as the Workplace Technology 

Accountability Act, it does not impose stronger obligations on employers and other cover entities in 

relation to algorithm accountability, such as to develop impact reports, or duties to send information 

to the DFEH. This is something that, if introduced, would signal stronger progress towards greater 

accountability (Hilliard, Kazim, & Kemp, 2022).  

• Anyone who advertises, sells, provides, or uses a selection tool (includes an ADS) must record 

the criteria used by the ADS for each employer or entity that the tool is provided to.  

The emphasis that records must be kept for each user of the tool is important since the ADS is likely 

to be customised to the needs of each entity using it. Therefore, documenting off the shelf criteria is 

unlikely to be useful when there are several different versions of the ADS in use. However, while this 

requirement for record keeping is a good sign, there is a lack of mention of what will be done with 

such records. For example, this documentation could contribute towards the auditing or assurance of 

ADSs or could aid DFEH investigations but this is not something that is mentioned in the current draft 

2.4 Pre-Employment Practices  

• The original version of the legislation stipulates that recruitment activities that restrict, 

exclude, classify, favour or advertise the availability of employment individuals based on an 

enumerated protected characteristic is unlawful 

o The Draft extends this point, stating that this requirement includes but is not limited 

to automated decision tools.  

The explication of automated employment tools removes any ambiguity about whether such 

guidelines only apply to typical tools or also include automated tools. This is something that is likely 

to encourage compliance since it will be more difficult for bad faith actors to find loop holes. 

• The use of ADSs that (tend to) limit or screen out applicants based on protected characteristics 

could constitute disparate impact or treatment 

o Measures based on reaction time may unlawfully screen out those with particular 

disabilities unless the employer can prove that a quick reaction time is business 

necessity  

o Video interview analysis based on tone or facial expression could unlawfully screen 

out individuals based on their race, national origin or gender, for example.  
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By providing concrete examples of how ADSs can be used unlawfully in relation to protected 

characteristics, this is likely to both increase compliance by lessening ambiguity and make 

enforcement by the DFEH more effective since there is clear guidance. Further, the legislation reflects 

changes that are already happening in industry where some providers have chosen to remove facial 

analysis from the algorithms used to analyse video interviews (e.g., HireVue; Zuloaga, 2021) due to 

concerns raised about the potential for these features to discriminate against candidates with 

disabilities, for example. Codifying this with the proposed amendments is likely to result in other 

similar action from employers and third-party vendors. However, the legislation again signals that job 

analysis is required to provide evidence for the relevant knowledge, skills and attributes for a role, but 

again there is a lack of explication of how this should be carried out and whether there is a preferred 

method or type of evidence that employers should provide.  

2.5 Consideration of Criminal History 

• The original legislation stipulates that employers are prohibited from inquiring about the 

criminal history of an applicant through methods such as a background check or internet 

searches 

o The Draft extends this guidance, specifying that ADSs also cannot be used for the 

purpose of investigating criminal history  

• The original legislation requires that employers revoking a conditional offer (partly) due to the 

criminal history of an applicant should assess the applicant’s history on a case-by-case basis 

o Where an ADS is involved in an employer’s decision to withdraw the conditional offer 

based on criminal history, the draft requires that applicants receive a copy or 

summary of the report or information from the ADS, related data, and assessment 

criteria considered by the ADS  

o An ADS without any additional input does not constitute an individualised assessment  

In relation to this transparency-related obligation, we consider this as a step forward towards 

algorithm accountability (Koshiyama et al., 2021) that will likely contribute to increasing the fairness 

and explainability in the use of AI in the context of employment. However, we suggest that this duty 

of transparency should be extended to all hypothesis where ADS was used as the basis to make 

employment-decision regarding applicants or current workers. Nevertheless, the fact employers shall 

have to provide information about the algorithm used on the criminal records-case, could also push 

them to use such accountability regarding all algorithm used on recruitment processes, or more 

broadly on any employment decision made by ADS. Further, the stipulation that an ADS is not an 

individualized approach is a manifestation of the human-deference principle, where decisions 

affecting life choices cannot be made solely on basis of automated processes, therefore its use is 

auxiliary to decisions that must be made upon other sources as well. Additionally, this also set an 

important precedent regarding that, when the rights of particular individuals (in this case right to 

privacy and to work) are at stake, decisions should made by AI mechanisms must be subject to, at 

least, human rights standards (Latonero, 2018; Risse, 2019). 

2.6 Aiding and Abetting 

• It is unlawful to assist any individual in unlawful discrimination, solicit or encourage others to 

violate the act or advertise for employment on a basis prohibited by the regulation 

o This includes engaging in the advertisement, sales, provision or use of a selection tool 

(including an ADS) for an unlawful purpose  
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Here, the regulation further advances the adoption of a human-centred approach towards AI 

accountability, meaning that AI systems could be considered as assistant for the production of 

unlawful outcomes. Moreover, it could also open regulatory avenues for more philosophical questions 

that need normative reflection, such us, whether or not AI can be considered as a legal subject in itself. 

2.7 Discrimination on the basis of protected characteristics 

Across several sections, the Draft specifies a series of protected characteristics against which it is 

unlawful to discriminate. Many of the additions follow the same format, stipulating that: 

• “It is unlawful for an employer or a covered entity to use qualification standards, employment 

tests, questions, automated-decision systems, or other selection criteria that screen out or 

tend to screen out an applicant or employee or a class of applicants or employees on the basis 

of [protected characteristic], unless the standards, tests, or other selection criteria, as used by 

the covered entity, are shown to be job-related for the position in question and are consistent 

with business necessity. 

• The characteristics specified by the legislation include accent, english proficiency, 

immigration, driver’s license status, citizenship, height or weight, national origin, sex, 

(perceived) pregnancy, or religion.  

This regulation is crucial as it unmask a practice that has the potential to have a massive impact in 
current labour markets, either because they discriminate against minorities (immigrants) or nationals 
from a certain country. In a recent dispute, the US Justice Department reach an agreement with an AI 
developer that was allegedly discriminating on basis of nationality and citizenship (Department of 
Justice, 2022).  
 
For other protected characteristics, the legislation gives more specific guidance, particularly 
concerning discrimination based on disability and age.   

• The regulation considers it unlawful to conduct a medical or psychological examination or 
inquiries of an applicant before an offer of employment is extended to that applicant 

o The Draft specifies that this includes tests performed by an automated-decision 
system. 

o Prohibited practices include personality-based assessments assessing (A) optimism 
and/or positive attitudes; (B) personal or emotional stability; (C) extroversion or 
introversion; and/or (D) intensity. Gamified screening of mental and physical are also 
included. 

 
We read this as the Draft specifying that measures of personality and game-based assessments of 

general mental ability can be utilised by employers as long as they are not used for the purpose of 

physical or mental ability. While we endorse the view that steps should be taken to protect individuals 

and subgroups from discrimination from unfair selection procedures, the specifying of these 

constructs could be problematic. From an employer’s perspective, this could be problematic as 

employers may be discouraged from using assessments of such constructs if they are cautious of (the 

threat of) civil action or poor public image that may occur if candidates falsely accuse them of using 

these constructs to assess physical or mental ability. If employers were to stop using measures of 

these constructs, this could be detrimental to the quality of hires since personality and cognitive ability 

are among the most predictive of job performance (Leutner & Chamorro-Premuzic, 2018). On the 

other hand, candidates that are genuinely affected by employers using assessments of these 

constructs for illegal assessments of physical or mental wellbeing may have difficulty proving this since 

although personality correlates with and predicts mental health disorders (e.g., Allen et al., 2018; 
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Meyer, 2002), it is not a recognised diagnosis tool. Therefore, it would likely be difficult for candidates 

to prove this and bring about civil action.  

• Age discrimination against applicants over 40 is prohibited in the original legislation  

o The Draft specifies that discrimination against this protected class applies to 

automated decision systems, as well as other approaches 

Since adverse impact testing in the US is typically guided by the Uniform Guidelines (Equal 

Employment Opportunity Commission, 1978), which do not stipulate that adverse impact must be 

examined with respect to age, employers are not required to adverse impact test against age, although 

they do have to comply with age discrimination laws. However, the explicit statement that procedures 

should not result in adverse impact against older applicants suggests that the amendments require 

adverse impact testing to be extended to age. This is something that some industry providers and 

researchers (e.g., Hilliard et al., 2022) have started to do, and is particularly important since the 

perceived ease of use technology decreases with age (Hauk et al., 2018), which may disadvantage 

older candidates, and we are increasingly seeing technologically-enhanced selection assessments and 

decision tools being used.  

3. Commentary  

The Draft establishes both, substantive and procedural rules. On the substantive side, it makes 

applicable current categories of protected characteristics –that include race, sex, gender among 

others- declaring unlawful outcomes affecting those through the use of ADS. In turn, it also proposes 

hypothesis where employers, although can eventually affect them, can claim they are legitimate under 

current legislation. On the procedural side, obligations to employers related to transparency are 

introduced for employers and other covered entities such as: keeping records of the information 

about employees obtained through machine-learning data for a period of 4 years, or provide 

information regarding the assessment made by ADSs when criminal records are used to make an 

employment decision. However, despite these contributions, there are some concerns that warrant 

further discussion. Thus, in this section, we highlight some of these concerns and avenues for 

compliance, defences for employers, the lack of sharing requirements and penalties. 

3.1 Proving and justifying discrimination  

The Draft, as stated, adopts a procedural approach when providing key definitions but it does not give, 

for example, specific rules or any light in relation to fairness criteria to be used. It rather relies on the 

way we use of AI, instead of setting standards regarding how to use ADSs, which in turn spotlights the 

necessity of implementing robust auditing processes to investigate whether decisions made by ADS 

tools discriminate against protected characteristics. Further, there is a lack of normative criteria to 

determine when a discriminatory outcome attributed to the use of ADS might be deemed legitimate 

by an employer, which increases the regulatory risks companies face while using ADS tools. 

Accordingly, the development of compliance programmes to assess –increasingly highly scrutinised- 

AI mechanisms used in employment contexts will be a challenge because of: 

a) The absence of concrete normative standards to which ground potential affirmative defences. 

b) The reliance on secondary regulatory frameworks (e.g., the Uniform Guidelines on Employee 

Selection processes). 

c) The need to look for such standards on judicial precedents or administrative decisions. 

This lack of explication of how discrimination or disparate impact should be determined also has 

implications for employers themselves, who could find compliance difficult both because there is no 
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specified way to determine disparate impact, and because there is a lack of guidance on how to prove 

that discriminating against a certain characteristic is business necessity. Usually, a job analysis will be 

conducted to identify key characteristics or competencies needed for the role so that the employer 

can justify that the algorithm is predicting something related to the job (Kim, 2016) and is therefore 

predictive of job performance (Mckenzie, 2018).  However, as stated, there are many approaches to 

conducting job analysis. Indeed, there is no clear-cut definition of what constitutes a good-fit for a 

particular job but a common approach is to identify observable characteristics that would allow an 

individual to complete a task within a certain amount of time (Barocas & Selbst, 2016). Even if an 

employer can prove that a characteristic is necessary for a particular role, they are also burdened with 

the responsibility of proving that it is a business necessity. In other words, they should prove that 

completing the task within a certain amount of time is necessary for the business. This is even more 

troublesome because it is harder to find standards than in the case of the job-related proviso, and 

often are interchangeably used by Courts. 

3.2 Penalties 

Differently from the NYC regulation and the proposed Workplace Technology Accountability Act, both 

of which address automated recruitment tools, the Draft does not create new sanctions to employers 

or covered entities breaching AI related obligations. In the case of NYC regulation, companies are liable 

to fines ranging from $500 to S$1,500 for violations, and fines of between $5000 and $20,000. The 

NYC legislation, however, only holds employers liable for these fines and not vendors, unlike the 

California legislation. It is therefore unclear in the Draft the powers that the DFEH have to enforce this 

regulation through penalties, which could lead to disproportionate fines being issued, if any. Including 

penalties in an updated version of the Draft would therefore be useful from both an enforcement 

perspective and compliance perspective since some employers may only be driven to comply if they 

know what the consequences are if they do not. Extending the liability of these penalties to vendors, 

as with the other proposed legislation in California, is likely to reinforce this since employers may be 

more likely to verify the claims of vendors before partnering with them. 

3.3 Active obligations 

As well as the lack of penalties offered by the Draft, there is also a lack of action required of vendors 

and employers aside from ensuring that ADS tool and other than ensuring measures do not 

unnecessarily discriminate against protected characteristics and providing information when an 

applicant is rejected based on their criminal history. Indeed, differently from the proposed Algorithmic 

Accountability Act and Workplace Technology Accountability Act, as well as the New York City 

legislation, employers are not required to conduct any activity that would contribute towards 

algorithm assurance (Hilliard, Kazim, & Kemp, 2022; Kazim & Koshiyama, 2021; Koshiyama et al., 

2021).  In contrast, these other legislations require audits or impact assessments, which are submitted 

to governing bodies on a yearly basis to maximise compliance. By having to share this data, there is 

an increase in the transparency, which could make proving whether or not a protected characteristic 

was unjustly discriminated against, thus making it easier for affected parties to bring about civil action 

and for employers to protect themselves if protected characteristics were not actually affected by the 

algorithm. Further, impact assessments and audits is something that echoes the wider AI ethics 

movement toward assurance, something that is not reflected in the current Draft. Thus, such 

obligations, in our opinion, should be included in the Draft as they are a direct benefit for employers 

and covered entities because assurance can encourage a culture of compliance that could eventually 

be very open to contestation in Courts and is likely to contribute to the fostering of ethics and fairness 

within the AI ecosystem as a whole. To reinforce this requirement, like with the other legislations, 

Electronic copy available at: https://ssrn.com/abstract=4149610



reports should be sent to an appropriate governing body, such as the DFEH, to encourage enforcement 

and create a more standardised approach. 

To this end, we have previously suggested a framework for carrying out audits of automated 

recruitment tools, where we suggest that bias, privacy, transparency and robustness of the tool should 

be investigated (Kazim et al., 2021a) to identify disparate impact and increase the explainability of 

systems. This could include the identification of identifying possible sources of biases that could 

produce unfair outcomes when using algorithms, including tainted or skewed samples, limited 

features, sample size disparity, and proxy features (Koshiyama et al., 2021), which could provide 

opportunities for mitigation strategies. Moreover, explainability tests will play an important role in 

compliance programmes, as they are key for the implementation of AI processes as a whole -not for 

those employment-related) especially when they affect people’s life chances. It is important for those 

affected by such decisions to have access to clear information about the assessment made by AI 

systems for them to realise they were not arbitrary discriminated, but most importantly, to build trust 

in general regarding the general use of AI in society.By including requirements for investigation of 

these factors, the Draft would increase the accountability of employers while also protecting 

applicants from harmful and inappropriate use of algorithms in hiring and would be crucial to sustain 

affirmative defence from the employer or covered entity, in case a claim is made.  

4. Conclusion 

The Draft modifications to Employment Regulation Regarding Automated-Decisions Systems 

constitutes a clear step forward towards the development an ethical AI ecosystem within employment 

relations. Through a pragmatic approach, it modifies current legislation in California concerning 

fairness in employment practices regarding the use of AI in recruitment with a focus on prohibiting 

discriminatory practices affecting protected characteristics such as: race, religious creed, colour, 

national origin, ancestry, physical disability, mental disability, medical condition, genetic information, 

marital status, sex, gender, gender identity, gender expression, age, sexual orientation, or military and 

veteran status. In so doing, it regulates hypothesis where the use of AI is declared unlawful, and 

therefore, can eventually lead to civil action against employers or other cover entities to pursue their 

liability. However, we identify there are some areas of improvement for the Draft as it fails to impose 

on employers the obligation to conduct impact assessments or audits of the algorithms to be used, or 

sending related information to the regulatory body for it to assess their conformity with the 

regulation. This could eventually impact the development of compliance programs by the covered 

entities, which will have to conduct such programmes anyways, as their potential defences against 

claims they have breached their obligations are based in legally open terms such as “job-related 

purpose” or “business necessity”. As a general take away we can appreciate that the proposed 

legislation focuses on regulate in detail when the use of algorithms can be considered unlawful 

regarding protected characteristics in each stage of recruitment processes. Therefore, although these 

proposed modifications aim to provide some much-needed governance of automated recruitment 

systems, its impact is likely to be limited unless these shortcomings are addressed.  
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